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Visual Analysis of Research Status of International Educational Data Mining:
Hotspots and Trends

MOU Zhijia', YU Xian*, WU Fati’
(1.Research Center for Educational Informatization, Jiangnan University, Wuxi Jiangsu 214122; 2. Ningbo
Education Examinations Authority, Ningbo Zhejiang 315000; 3. School of Educational Technology, Beijing
Normal University, Beijing 100875)

[Abstract] The development of educational data research has been pushed forward by rapid growth of
the amount of educational data, the diversity of its types, its accessibility and educational computing as
well. Many international researchers pay much attention to it. This study, which takes the educational data
mining literature in Web of Science database as sample data and adopts knowledge mapping analysis,
social network analysis and clustering analysis as research methods, conducts a quantitative analysis by
using CiteSpace IlI, Unicet6.0, Bicomb2.0 and SPSS20.0. The results indicate that describing learner’s
model based on data, instructional support generating effective learning, learning behavior patterns and
characteristics, learning performance prediction, learning feedback and evaluation are among current
research hotspots. Then, this study predicts the research trends from learning emotion recognition and
computation, artificial intelligence analysis and application, learning recommendation system and
personalized learning path.

[Keywords] Educational Data Mining; Learning Analytics; Research Hotspot; Evolution Trend; Visual
Analysis
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Flipped Classroom in University Supported by "A* Classroom +BYOD":
A Case Study of Software Courses Teaching

SUN Gangcheng, YANG Mei
(School of Education Science, Yan’an University, Yan’an Shaanxi 716000)

[Abstract]| In "Internet+"era, higher education is also undergoing rapid changes. However, the overall
effect is poor. This research first studies the existing problems in flipped classroom in university through
experimental research and literature research. And then, a new type of flipped classroom is designed,
which is supported by "A* Classroom + BYOD", which is guided by Horizon Report (Higher Education
Edition) of New Media Consortium and illustrated by software courses. This flipped classroom also takes
full advantage of "A* Classroom" and the learning environment supported by BYOD, and adopts action
research and "teacher—dominant and student-subject" instructional design along with previous teaching
experience. In practice, this filliped classroom has proved successful in developing students” autonomous
learning and enhancing their learning desire.

[Keywords] Flipped Classroom; A* Classroom; BYOD; Horizon Report; Autonomous Learning



